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RobMOTS is a new tracking challenge eval-
uated on eight diverse benchmarks. Trackers have :
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bigger than 256 pixels. Masks with a mloU higher P
than 0.50 are merged into a multi-class hypothesis.
Short-term data association: detections from o o Competitive results were obtained on all benchmarks ex-
consecutive frames are linked to form tracklets, Long-term data association : similarity between tracklets cept TAO due to its very low framerate: 1 fps (limitation
based on the optical flow to predict the future ob- with optical flow).
ject position, the mask-IoU and the Hungarian al- e I,’ _S};a:e? ‘\I Our long-term data association can be interpreted as a
gorithm. A non-overlap algorithm is then applied. rg{: Time 1 pixel-level spatio-visual alignment rather than a patch-
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Long-term data association: the space-time ! et ! level visual alignment which is common when the data
memory (STM) network [1], a method originally : ~- 'f'qu'er; association is computed using a re-identification network.
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developed for one-shot video object segmentation, ! ( Cosine similarity : | Experiments show that the long-term data association
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is used to propagate some key frames of a tracklet i 087 ! significantly improves the HOTA score over the datasets
into the past and the future. Depending on the used in the challenge.
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